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Abstract

This pilot study explores the visual attributes of mental health self-
presentation on social media, with a focus on YouTube as a key
platform for video-mediated storytelling. We experimented with
an LLM-Assisted Video Content Analysis Workflow to prepare for
the quantitative investigation of visual attributes and audience en-
gagement. By examining how visual techniques shape the portrayal
of mental health, this study investigates their impact on audience
perception and engagement. Additionally, it considers challenges
such as visibility disparities and algorithmic mediation, which may
marginalize certain narratives on video-sharing platforms. This re-
search aims to contribute to HCI and Computational Social Science
by deepening our understanding of visual self-presentation and
its implications for individuals sharing mental health experiences
online.
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1 Background

Understanding illness narratives in online spaces, especially for
socially stigmatized diseases, has been a central topic in Human-
Computer Interaction (HCI) research. Scholars have found that
technology-mediated disclosures, expressions, and discourses can
contribute to both the empowerment and, unfortunately, sometimes
the oppression and marginalization of certain illness experiences
[6] and communities [20].

The emergence of video-based social media has revolutionized
digital self-presentation, with platforms such as YouTube [13], Tik-
Tok [21], and Instagram [1] enabling rich, multimodal storytelling.
The visual communication techniques employed on these platforms
play a significant role in shaping both the creation and interpre-
tation of video content, influencing audience perception [9] and
engagement [12]. However, video-mediated communication also
introduces challenges, including visibility disparities [17] and al-
gorithmic mediation [11], which may systematically marginalize
certain narratives. These challenges are particularly concerning
for individuals with mental health conditions, who often rely on
these platforms as vital spaces for sharing personal experiences
and building community connections.

This study investigates the visual attributes of mental health
self-presentation on social media, aiming to uncover how these
attributes shape video-mediated communication and the portrayal
of mental health. Focusing on YouTube is the primary research
site given its prominence as a space where individuals with mental
illness share their experiences through vlogs [10, 19]. The research
seeks to address the following questions:

e RQ1: What visual self-presentation patterns characterize
narratives of mental illness on YouTube?
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e RQ2:How do specific visual elements correlate with audience
engagement metrics and expressions of social support?

This study integrates Goffman’s dramaturgical framework [7]
to conceptualize video platforms as performative spaces where
identity is enacted through multimodal elements [22], focusing
on how creators strategically use visual aesthetics, performative
techniques, and narrative strategies for self-presentation.

The research contributes to social media studies, computa-
tional social science, and health behavior scholarship: (1) By
integrating visual culture analysis with digital media studies, it
illuminates how visual affordances mediate contemporary mental
health discourse; (2) the novel application of large language models
(LLMs) to video content analysis advances computational method-
ologies while critically examining how platform architectures and
algorithmic systems influence mental health narratives in digital
spaces.

2 Research design

The research employs a mixed-method design, as illustrated in Fig-
ure 1, beginning with qualitative video analysis to explore nuanced
patterns, followed by computational approaches to quantify and
validate these findings at scale.

Step 1: Data Collection. The study analyzed schizophrenia
vlogs, focusing on middle-length videos (4-20 minutes) for richer
personal narratives. Using the YouTube Data API v3 with search
queries such as "schizophrenia” and "schizophrenic," we collected
555 English-language videos from 2023. After filtering, 401 videos
remained, with 200 randomly selected for analysis. The average du-
ration was 9:23, and we sampled one frame per 30 seconds, yielding
3,800 frames.

Step 2: Theory-Informed Qualitative Coding. We employ
iterative open and axial coding [5] to analyze visual representation
techniques in videos, identifying key factors for regression analysis.
Grounded in media theory, the framework examines video struc-
tures, frames, and transcripts, with a focus on visual elements—an
underexplored area in HCI and social media research. Drawing
on semiotic theory [3] and color theory, we decode visual signs
(e.g., personal spaces, daily activities, interactions) and interpret
color choices, where muted tones often signify depressive states
and brighter hues appear in recovery narratives. This structured
approach uncovers patterns in vloggers’ self-representation and
emotional disclosure.

Step 3: LLM-Assisted Video Annotation. Building on the qual-
itative coding framework, we employ a Multimodal LLM (MLLM)
and text LLM to automate video feature annotation. This process
follows our prior exploratory workflow published in [15, 16], incor-
porating iterative prompt design and human evaluation to ensure
accuracy. In this study, we tested the workflow on 205 video frames
using LLaVa-1.6! for four types of visual annotations.

Step 4: Regression Analysis. Using the LLM-assisted annota-
tions, we perform regression analyses to investigate how visual and
verbal features influence engagement metrics (e.g., views, likes) and
comment-based support (e.g., informational support), evaluating
the role of visual storytelling in shaping audience interaction.

https://huggingface.co/llava-hf/llava-v1.6-mistral-7b-hf
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3 Preliminary Findings
3.1 Qualitative Analysis of Videos

Iterative coding of videos revealed distinct visual features, as out-
lined in Table 1. Specifically, we identified two primary video struc-
tures: talk-to-camera and in-the-moment, which vloggers use to
organize their content. Additionally, frame-level analysis uncov-
ered patterns in how vloggers situate emotional disclosure through
configurations of vlogger presentation, stage setups, and stylistic
shooting choices.

3.1.1 Example-Stage. Overall, these visual features are closely tied
to verbal narratives and appear to influence viewer engagement
metrics and comment-based support. To illustrate this, I provide an
example analysis of stage setups; for a comprehensive qualitative
examination of the videos, please refer to [14].

The stage where vloggers present themselves is reflected in the
disclosure of contexts and backgrounds of vlogs, representing a
unique affordance of video disclosure compared to text posting on
forums. Space reveals where vloggers record the videos, spanning
a range of private spaces, such as homes and cars, as well as public
areas like gyms and outdoor locations. Vloggers showcase activities,
such as art-making, workouts, walks, and jogs. They may also
involve other people such as family and friends onto the stage for
various purposes.

We observed a spectrum of stage richness as depicted in the
frames (Figure 2). In instances where the context is minimally dis-
closed, vloggers may position themselves in front of a plain back-
ground, such as a wall (a) or ceiling (b), or their faces may dominate
the frame (c), leaving the surrounding context invisible. Conversely,
some vloggers actively highlight their environment by showcasing
detailed backgrounds and explicitly discussing their locations (d-f).

As suggested by Goffman, the "stage" as a performance front
is intertwined with individuals’ self-presentation. We observed
that the details of vloggers’ stages were closely tied to their verbal
narratives. For example, one vlogger (d) filmed videos at his regular
walking park while discussing the benefits of being close to nature,
while another (e) sat in front of her bookshelf as she recommended
books to viewers.

It seems that videos with a carefully crafted stage created oppor-
tunities for viewer interaction. Viewers expressed appreciation for
vlogger (d)’s immersive walking experiences, with one comment-
ing, “Wow, what gorgeous scenery! Heavenly! My grandfather had
peacocks... I enjoyed walking with you and listening to your talk.”
Vlogger (e) even received comments responding to details of her
stage that she did not verbally mention, such as, “I see you have
an awesome collection of albums, can you do a video on your album
collection?”

3.2 Preliminary regression results

Based on the visual features identified in the qualitative study,
we conducted a preliminary regression analysis to examine the
relationship between video structure and engagement metrics. Due
to limited computational resources, LLM-assisted annotation of the
3,800 frames is still ongoing. As an interim step, we present the
proportions of video structures in Table 2. The results indicate that
the proportion of In-the-Moment structures significantly increases
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Figure 1: Research Design

Table 1: Summary of Qualitative Coding of Videos

Features
Video Talk-to-Camera Vloggers address the camera directly with a static background, creating a confessional atmosphere.
Structure In-the-Moment Vloggers visually portray their lives in a natural and vivid manner as they engage in various activities.
Anonymity Whether vloggers reveal their facial identity.
Vlogger | Demographics Gender, race, age, etc.
Identity Religion, personal beliefs, and cultural background as conveyed in the vlogs.
Space The environment where vlogs take place, including background and setting.
f:::il « Stage Activity The vlogger’s actions they engage in during the vlog.
Other people The presence of other people and their interactions.
Color The use of color schemes and lighting in the frame to convey mood, tone, or emphasis.
Style Aesthetics The overall beauty and visual appeal of the images, related to spatial organization and visual hierarchy
within the frame [18].
Transcript- Omitted for space concern in this manuscript
level

v

Figure 2: Stage

likes and comments, even after controlling for verbal features such
as mentioned topics.

3.3 Summary of Preliminary findings

This work extends Goffman’s dramaturgical framework to exam-
ine how mental health narratives are visually performed and re-
ceived on video platforms. My analysis reveals how specific vi-
sual elements—from physical staging to aesthetic choices—mediate
self-presentation of illness identity and audience engagement. For
instance, strategic stage setup of personal spaces and immersive
shooting (i.e., in-the-moment video structure) increased the per-
ceived authenticity and viewer support.

4 Contribution

This study has the potential to advance two key areas in social
media and online health community research:

A Visual Coding Framework for Video Self-Presentation.
This work seeks to contribute a visual coding framework that builds
on Hoffman’s self-presentation theory [8] and visual analysis meth-
ods to explore the visual self-presentation patterns as reflected
in user-generated videos. By analyzing aesthetic techniques, the
framework highlights how visual elements shape mental health
discourse beyond verbal narratives [22], while critically considering
how algorithms may privilege certain visual styles [6]. This work
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Table 2: Main effects in the regression model fitting of audience engagement and comment support.

#Views #Likes #Comments Network Information Affirming
(1) 2) 3) Support Support (6)
(4) (5)
Control #Subscribers 0.74 *** 0.81*** 0.81 *** 0.09 ** 0.01 0.03
(0.06) (0.06) (0.06) (0.03) (0.03) (0.02)
#Comments - - - 0.37 *** 0.45 *** 0.47 ***
(0.03) (0.02) (0.02)
Visual In-the- 0.07 0.19 ** 0.22 ** 0.02 -0.01 0.05 *
Features Moment (0.06) (0.07) (0.07) (0.03) (0.03) (0.02)
Verbal (Omitted in this manuscript for space concerns)
Features
Intercept Intercept 3.07 *** 3.21* 2.54 *** 0.48 *** 0.44 *** 0.61 "
(0.06) (0.06) (0.07) (0.07) (0.06) (0.05)

Note: The numbers are the regression coefficients and the standard errors (in brackets). Statistically significant effects are in bold (* indicates p<.05, ** indicates p<.01, “** indicates

p<.001.)

has the potential to bridge visual culture studies and digital com-
munication, offering insights into how visual rhetoric influences
both creator presentation and audience reception in social media
contexts.

Computational Approaches to Video Analysis. This research
aims to contributes a novel computational framework for analyzing
video content, addressing gaps in prior work that has predominantly
relied on textual data and basic image classification [4]. By exam-
ining visual rhetoric through framing structure, narrative context,
and frame-level elements, the framework integrates LLM-assisted
content analysis while maintaining a critical perspective on visibil-
ity dynamics [2] and algorithmic influence [11]. This approach has
the potential to advance large-scale methods for analyzing visual
rhetoric in video content, with implications for platform design,
creator support, and algorithmic auditing.
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